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Introduction Dataset

Task: word-level recognition in artistic text images. WordArt-V1.5: 12,000 artistic text images: 6,000 for training, 3,000 for Test A,

. , , and 3,000 for Test B.
Problem: decorative fonts, curved layouts, object-like characters,

clutter, low text/background contrast and distortions. Protocol in our work: Test A is used for validation and model selection, while

.. . , Test B is reserved for final evaluation.
Motivation: few studies explore how complementary recognizers

can be effectively combined for artistic text recognition.
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dictionary
positions where the recognizers disagree.

Long-word refinement: words with at least nine characters may Qualitative Results Error Analysis

undergo sequence alignment and lexicon-guided correction. Labeling error

e Needleman-Wunsch alignment: aligns outputs to handle m
»

Insertions and deletions before lexicon-guided correction.
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